2021 8 A Kiz TAZ Aug. 2021
%8 EH 585 Port & Waterway Engineering No. 8 Serial No. 585

B T H R W 488 By ) 5 be Tit bE T -

R, A2 W, RAHP, AR
‘. (1. RFGE#HAFRAAMRNS], RF 300452,
2. REW I HRIEARA YR RIRA RAF], K& 300460;
3. PR _EEAE /A RANE, L& 200001)

WE., ATRIEGHREL A, BEFRMNRRAEIHNEG G ABE LN, AAEKEIHEfRTH, FRTERN
FEEIROERVABALER, WEMASEFBPAZML, KiIVA B LA & MAETNAE E KA, BPAVZE ML E
B K EAEART AR A, A A e A, 37 A T B ARAY 2 W % (convolutional neural networks, CNN) 2 5 By 7% & 46 T F
BT ik, BARG FFM KRR F OB R BERA TR BIAE SR F | AR & R 5 ik F AT
BRAH G R AR, WA EIFETRETSHIE S, ZREAN. ARWPEMARE A ERLTAMN R EE Bk F, RBER
MR BT NG FRAGERBFTOMNIFT AT,

FEEER ., HAMZ AL, LT, BRET; RESR

FESZES . U656 XHktRERD: A TEHE . 1002-4972(2021)08-0202- 05

Prediction of embankment construction settlement based on convolutional neural network
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Abstract: To ensure the safety of embankment construction, it is necessary to predict the settlement of
embankment in different construction stages of breakwater to adjust the construction schedule and working
procedure. The traditional settlement prediction methods mainly include Terzaghi consolidation theory, curve fitting
method, and BP neural network. The prediction accuracy of Terzaghi consolidation theory and curve fitting method is
low, and BP neural network needs a large number of samples to approximate the optimal solution. Aiming at these
problems, this paper proposes a prediction method of breakwater settlement in different construction stages based on
convolutional neural networks( CNN) . This method is applied to predict the settlement and rate of the embankment
in the Dagukou port area of Tianjin port during the construction stage, and the safety risk level mapped by the
settlement rate is analyzed by the prediction results, to provide actionable guidance for the actual construction
period. The results show that the convolution neural network can accurately predict the settlement rate, and can

analyze and guide the results of safety risk level according to the prediction results.
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